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New model conception (LES/RANS) on
interface/droplets interaction

1 Introduction
Dynamics and lifetime of clouds is strongly connected to the processes at their inter-
face [21]. Entrainment of dry-air results in the reduction of the specific humidity at
the cloud boundaries. This leads to enhanced droplet evaporation and a set of further
feedback mechanisms. In particular, the important question is how the entrainment
influences the spectra of cloud droplets’ radii. The width of the spectra, on the other
hand are important in the global balances as it has an impact on radiative properties of
stratocumulus and shallow convection clouds [14] and determines the onset of gravita-
tional coalescence in warm clouds [3].

The distribution of droplet sizes depends strongly on whether the droplets are ex-
posed to the homogeneous or variable subsaturation [3], which in turn is connected
with the characteristic time and length scales of turbulent eddies disrupting the inter-
face. In the complex physical process of entrainment both, the large and the small
scales play an important role. Due to the former the cloud/clear air interface undergoes
the so-called ”engulfment” which introduces inhomogeneity in the subsaturation field.
On the other hand, the influence of the latter is referred to as the small-scale ”nibbling”
which mixes and homogenizes the field. In real clouds the range of active scales is
enormous - from large hundred meter structures to small eddies of size of millime-
ter order. Due to insufficient computational powers, numerical modelling of the full
spectrum of eddies is currently out of reach. The common practice is either to reduce
the size of the computational domain and study the effects of small scales on particle
properties with the use of the Direct Numerical Simulations (DNS) [16] or to resolve
the large-scale dynamics on the grid with resolution of order of meters, thus truncating
the high-wavenumber part of the turbulence spectrum. The latter approach is referred
to as Large Eddy Simulation (LES) and requires proper modelling of the influence of
unresolved (subgrid) scales.

As classified by [19], there are two essentially different types of closures to ac-
count for the effect of turbulence eddies on droplets’ dispersion: stochastic and struc-
tural. Stochastic models are based on the solutions of the Langevin equations [7, 25]
supplemented with a stochastic Wiener process term. Structural sub-grid models aim
at reconstructing, in an approximate sense, some of the subgrid turbulent eddies [22].
This allows for tracking the particles (droplets) in the reconstructed fine-grained veloc-
ity field. Examples of structural models are the fractal interpolation [28, 18], approx-
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imate deconvolution (ADM) [12, 31], spectrally optimized interpolation [13] and the
kinematic simulations based on Fourier modes [10, 26]. The present model conception
is related to the fractal interpolation technique (FIT). The underlying assumption of
the FIT is the existence of fractal-scale similarity of velocity fields. The same scale-
similarity has been observed in the structure of cloud/clear-air interfaces [17]. For this
reason FIT seems most promising for the modelling of subgrid-scale processes at cloud
boundaries. An attribute of the constructed sub-grid velocity depends on the stretch-
ing parameter d, which is related to the fractal dimension of the signal. In Scotti and
Meneveau [28], it was assumed that d is constant in space and time for homogeneous
and isotropic turbulence. Basu et al. [6] extended this work by proposing a bi-valued
stretching parameter and showed that it improves resulting statistics. To introduce the
new proposal we first argue, based on a priori analyses of DNS, LES and experimental
data, that the values of the stretching parameter are not constant, but in fact vary signif-
icantly in space and time [1]. However, we show that in the inertial range probability
density functions (PDFs) of d follow the same, universal profile. For this reason we
propose to account for the variability of the stretching parameter, treating d at a given
point and time, as a random number with a prescribed, previously determined PDF. We
have shown that the approach with random d is the most favourable in terms of the
investigated statistics [2]. It reproduces the Kolmogorov’s −5/3 scaling of turbulent
kinetic energy spectra in the inertial range with the smallest error and without spuri-
ous modulations. Moreover, PDFs of increments of the reconstructed velocity have
non-Gaussian, stretched-exponential tails.

The ultimate goal is to apply the model in the LES of clouds and improve resulting
particle statistics at the cloud/clear-air interface. Due to the high computational cost
required to simulate clouds dynamics and microphysics, a particle-based model called
the super-droplet method was developed by Shima et al [4, 9, 29]. The new sub-grid
FIT approach will be used to improve the resolution of the velocity field of the carrier
fluid in the coupled Eulerian/Lagrangian model. First simulations with particles in a
frozen, kinematic velocity field showed that the subgrid scales reconstructed with the
new model enhance mixing and result in improved profiles of particle properties as
compared with reference data. In the following, basic assumption of the new approach
are presented in more detail.

2 Fractal interpolation techniques with random stretch-
ing parameter

2.1 Basics
The fractal interpolation technique is an iterative procedure used to construct the syn-
thetic velocity field of small-scale eddies u(x, t) from the knowledge of a filtered or
coarse-grained field ũ(x, t) [28]. For this, the mapping operator, denoted by W [.] is
applied n times to ũ(x, t) to generate synthetic small scale velocity fields

u f (x, t) =W (n)[ũ(x, t)]≡W [W [W...W [ũ(x, t)]...]].
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As the turbulence energy spectrum has a high wavenumber cut-off set by the Kol-
mogorov scales, the limit n→ ∞ is not considered here. In practice, in order to stay
at an acceptable numerical cost, the number of reconstruction steps is limited to 2 or
3. In the reconstruction process a crucial role is played by a prescribed stretching pa-
rameter d, which determines the amplitude and hence, the energy, of the reconstructed
structures. For details of the procedure the reader is referred to [28].

Figure 1 shows the 1-D construction of a signal. To the initial field with three grid
points we successively apply the map W with stretching parameter d =±2−1/3. Shown
are the initial field, first, second, fourth and the tenth application of the map. With the
chosen d the energy spectrum of the reconstructed signal generally follows the −5/3
profile observed in turbulence.
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Figure 1: Different stages during the construction of a fractal function with stretching
parameter d = ±2−1/3 after (a) 0,1 and 2 reconstruction steps (b) 0, 4 and 10 recon-
struction steps. Figure from Ref. [2].

2.2 Stretching parameter estimation
To estimate variability of d in turbulence we use an algorithm proposed by Mazel and
Hayes [20]. Given velocity field specified on a grid, one value of d can be calculated for
each set of 5 grid points. We applied this algorithm on a 1-D intersections of velocity
field of a stratocumulus cloud. For this, we used three different datasets: DNS of
stratocumulus-top boundary layer of [30] with relatively low Reynolds number, (Reλ =
u′λ/ν ≈ 190, where u′ is the turbulence intensity, λ is the Taylor’s microscale and ν

is the kinematic viscosity of air), LES of stratocumulus top boundary layer of [23]
with Reλ ≈ 3900 and, finally, experimental data of horizontal segments of flight 13 of
the Physics of Stratocumulus Top (POST) research campaign [11, 15] with the same
Reλ ≈ 3900.

Due to mathematical constrains the FIT reconstruction can be performed for d with
values within the interval (−1,1). In order to satisfy this condition, we placed a con-
straint |d| ≤ 1 in the calculation of local stretching parameters and neglected d values
outside this interval. In the case of DNS data described, we used horizontal profiles of
the u, v and w components of velocity at a height corresponding to the in-cloud region.
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1-D intersections of velocity field were filtered successively to wavenumber in the in-
ertial range, starting from the initial resolution η0, to 2η0 after one low-pass filtering,
4η0 after two filtering operations etc., until the resolution matched the inertial-range (at
about 16η0 to 128η0). This was done with decimate function in MATLABr software.
The calculated PDFs changed significantly for the first four successive filtering steps
but seemed to be self-similar when filtered successively to inertial-range wavenumbers
(at steps 4 to 7). All three velocity components give similar profiles of the PDF of
the stretching parameter. Next, PDF of d was calculated from LES field and from the
POST airborne dataset using the same algorithm. In spite of different Re numbers we
observe a very good agreement between the profiles as seen in Fig. 2. This results
allows us to conclude that in the considered range of d, which is within the interval
(−1,1), the PDF of the stretching parameter in the inertial range is a universal func-
tion, independent of the Reynolds number. This fact is the basis of the model proposal
described in the following subsection.
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Figure 2: Probability distribution of stretching parameter from filtered DNS, LES ve-
locity signals of stratocumulus cloud-top and POST data. DNS and LES velocity fields
were filtered with wavenumber within the inertial range.

2.3 Fractal interpolation of filtered DNS
To reconstruct the signal we use the previously determined PDF profile, as shown in
Fig. 2. For this we apply the inverse transform sampling method [8]. The algorithm is
briefly indicated as follows

1. Calculate cumulative distribution function F(|d|) from the PDF f (|d]), as

F(|d|) =
∫ |d|

0
f (s)ds.

2. Calculate the inverse of the cumulative function F−1(y).
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3. Select a random number y from a uniform distribution [0,1].

4. Calculate the random stretching coefficient as d = F−1(y), separately for each
new grid point.

5. Reconstruct the signal by applying the mapping with random coefficients.

Apart from the mathematical constraint |d| ≤ 1, which assures the continuity of the
reconstructed signal at n→ ∞ reconstruction steps [5], the second constraint is related
to the dissipative properties of the signal [27] and reads |d|> 0.5. Hence, in practice, in
the reconstruction process we only retained the values |d| that were larger than 0.5. If
selected |d| ≤ 0.5, the procedure was repeated and another random value was chosen,
till the condition 0.5 < |d| ≤ 1 was satisfied. Next, the sign of d was selected randomly,
such that the positive and negative d have equal probabilities.

Results of the reconstruction process were compared with results of the original
model of Scotti & Meneveau [28], with d = ±21/3 and with the proposal of Basu et
al. [6], where d1 = −0.887, d2 = −0.676. Figure 3 shows the frequency spectrum of
a longitudinal velocity component measured in POST campaign with the spectrum of
FIT-reconstructed velocity. As can be observed, the FIT energy spectrum reconstructed
with random values of d follows the inertial-range scaling closer and shows no periodic
modulation.

10
-2

10
-1

10
0

10
1

10
2

f

10
-8

10
-6

10
-4

10
-2

10
0

10
2

10
4

S
(f

)

a)

POST velocity signal

FIT velocity signal (random d from PDF)

FIT velocity signal (d=  2 1/3 )

FIT velocity signal (d=-0.887, -0.676)

Figure 3: Longitudinal energy spectra of u velocity component for DNS and FIT with
constant stretching parameter d = ±2−1/3, with constant stretching parameters d =
−0.887 and d =−0.676 and with random stretching parameters from calculated PDF.
Figure from Ref. [2].

Next, statistics of velocity increments at two different points u(x+ r, t)− u(x, t)
were investigated. The non-Gaussianity of the PDFs of velocity increments for small
distances r = |r| between the points indicates the presence of the internal intermittency,



6

that is, the high probability of extreme events (large velocity differences). Reproduc-
ing this feature is important in modelling of interactions between particles (droplets)
and turbulence. It was found from the analysis that results of all three FIT approaches
compare well with the corresponding DNS profiles for large and intermediate values
of r. However, with the decreasing distance r the new approach became clearly advan-
tageous, see Fig. 4. For a more detailed description of analysis and results the reader is
referred to [2].
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2.4 Preliminary results for cloud droplets.
Shima et al. [29] proposed a Lagrangian technique for the simulation of cloud micro-
physics, named the super-droplet method. Each super-droplet for represents a multi-
plicity of real-world droplets with the same position, radius and composition. Two mu-
tually coupled components form the framework for this method. These are the Eulerian
fluid flow solver to calculate turbulent velocity field and a Lagrangian particle-tracking
of physical coordinates and physicochemical properties of droplets in the turbulent
flow. The condensation and evaporation of water on the super-droplets is represented
as the source or sink of water vapour and heat, which the Eulerian component feeds
on. The Lagrangian component needs the fluid velocity field in order to update both
the positions of the super-droplets and the thermodynamic fields, which is needed to
compute condensational growth and evaporation rates. The fractal subgrid scale model
can also be used to account for the effect of the subgrid scales on super-droplet motion
and growth/evaporation. As a preliminary test for the fractal sub-grid scale model, La-
grangian tracking of super-droplets in a frozen LES field of stratocumulus cloud [23]
was performed. For simplicity, the super-droplets have only one attribute denoted as
Ai. The computational domain is partitioned equally into two sub-domains in the x- di-
rection. Super-droplets were initially positioned randomly within the domain. Droplets
in the first half of domain had attribute Ai = 0 while the remaining ones were placed
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in the other half with attribute Ai = 0. The initial positions of droplets in x-, y- and
z- directions were chosen randomly from the uniform distribution. A total of 300000
super-droplets were used for this analysis, such that on average, two super-droplets
were placed in each LES computational cell. In this preliminary study droplets were
treated as passive tracers and tracked in the velocity field of large eddies. After cer-
tain time their properties were averaged in the x and y directions. For the tracking of
particles three different velocity fields were used: original LES field from Ref. [23],
filtered LES after application of the decimate filter twice and finally, velocity field
reconstructed back to the resolution of the original LES using the described FIT ap-
proach. Here, simulations with the original LES field will be treated as reference data.
Low-pass filtering of some of the eddy structures results in reduced mixing and differ-
ent evolution of the averaged particle properties. At the beginning of simulations all
three profiles of averaged particle attributes are identical. Deviations between LES and
filtered LES case are already visible after 30 min of simulation time, see Fig. 5a and
grow in time, Fig. 5b. Due to the absence of smaller eddies in the velocity field the lat-
ter profile is sharper. It is also seen in Fig. 5 that the introduction of FIT-reconstructed
scales enhances the mixing and improves the calculated statistics.
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Figure 5: Averaged particle attribute in LES field of startocumulus cloud-top from
Ref. [23] after simulation time a) 30 min, b) 2 hours.

Conclusions
The described new LES model conception on the interface/droplets interaction is re-
lated to the fractal interpolation technique. Based on analysis of numerical and ex-
perimental data it was found that for scales from the inertial range, the PDF of the
stretching parameters is a universal function, independent of the Reynolds number. In
the new approach we proposed to treat the stretching parameter of the FIT as a random
function with the prescribed PDF. As it was found, the new approach results in im-
proved statistics of the subgrid scales. Preliminary results with droplets’ simulations in
a frozen kinematic field prove that FIT reconstruction of the subfilter eddies enhances
the mixing and improves calculated statistics of particle attributes.
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With this the model is ready to be applied to full large eddy simulation coupled
with the super-droplet approach of [29] to account for the effect of the subgrid scales
on super-droplet motion and growth/evaporation on the cloud/clear-air interface.
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